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AlF is used internally in SAP applications, but currently is not available for customers.
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How Do You Measure Success? Model performance (ift, R2, etc.) 58%

Improve efficiency 49%
Mosts businees gosls ST% Produced new business insights 48%
Mode! accuracy 56% Revenue growth 4%
ROI 40% Increased sales 42%
Lift 75% Retum of Investment (ROI) 42%
Adoption rate by users % Increased profit 3%
Proftabity 2% Improved quality of product / service 35%
Increased customer satisfaction %
We don't calculate 8%
Reduce costs of producing product!.. 2T%
Customer service improvements 21%

Figure 5. Based on 110 users who have implemented predictive
analytics initiatives that offer “very high” or “high” value. Results were published 13%
Respondents could select muitiple choices. Produced new scientiic insights 12%

PREDICTIVE ANALYTICS In their Third Annual Data Miner Survey, Rexer Analytics, an analytics and
renowned CRM consulting firm based in Winchester, Massachusetts, asked
the Bl community “How do you evaluate project success in data mining?” Qut
of 14 different criteria, a massive 58% ranked ‘model performance” (lift, R2,
See: https://www.rexeranalytics co elc.) as the primary factor.

Extending the Value of Your Data Warehousing Investment
By Wayne W. Eckerson
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Model success criteria: descriptive or predictive models

The data science success criteria will differ depending on whether the models are predictive or descriptive
type models and the type of algorithm chosen.

Predictive Models

Descriptive analysis describes or summarizes raw data * Predictive analysis predicts what might happen in the
and makes it more interpretable. It describes the past - future - providing estimates about the likelihood of a

i.. any point in time that an event occurred, whether it future outcome.

was one minute ago or one year ago. * One common application is the use of predictive
Descriptive analytics are useful because they allow us analytics to produce a credit score. These scores are

to learn from past behaviors and understand how these used by financial services to determine the probability of
might influence future outcomes. customers making future credit payments on time.
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Model success criteria: choosing the algorithm

Anomalies

Trends

/ What are the frends, both historical

and emerging, and how might they

] continue?

What anomalies or unusual values
might exist? Are they errors or real
changes in behavior?

Associations

What are the correlations in
the data? What are the
cross-sell opportunities?

| Relationships

What are the main influencers, for
example customer churn, employee
tumover, etc.?

Groupings /
Are there any clear groupings of the data,
for example customer segments for
specific marketing campaigns?
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Model success criteria: choosing the algorithm
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Are there any clear groupings of the data,
for example customer segments for
specific marketing campaigns? t
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Whicthu-si-ﬁés;s- dﬁéét_ioﬁ do you need to answer?

Classification Regression

i:lx will (buy | fraud | chum ...) next
= (week | month | year...)?

;+*,  Segmentation or Clustering ./.\ / Forecasting (Time Series Analysis)

will the (revenue | # churners) be next
(week | month...)?

a2 04 06 F W

. ]
o . of customers will the (revenue | # chumers...) be
%' with similar (behavior | profile ...)? over next year on a monthly basis?
Link Analysis —— AssPclatlon or Recommendation
to identiy w Engines
(communities | influencers...) 5o 50 recommendations on web sites or

to retalers - basket analysis
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Training and testing: data cutting strategies

Central to developing predictive models Two-Way Partition Three-Way Partition
and assessing if they are successful is
a :

_ B _ Complete Complete
Data s partitioned into and Data Set Data Set

subsets. There are a variety of

(e.9. random/sequential/periodic).

You build a model on the training

Training Test Lc L Validation |  Test
subset (called the subset) Set Set Set Set Set
and evaluate its performance on the
test subset (a sample called Develop  Evaluate Develop  Evaluate  Evaluate
the subset). models  models models  models the
Simple two and three-way data selecled

_p.e . 0. . Y . Select the best model models
partitioning is shown in the diagram. besed upon vedalion

set performance
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